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Counting Sort Interview Explanation

counting sort interview explanation is a crucial topic for any aspiring software engineer or
computer scientist preparing for technical interviews. Understanding this non-comparison-based
sorting algorithm can significantly boost your confidence and performance. This article will delve deep
into the mechanics of counting sort, its time and space complexity, its practical applications, and
common interview questions that testers and developers frequently encounter. We'll explore why it's
a valuable tool in certain scenarios and when you might want to consider other sorting methods. Get
ready to unravel the elegance of counting sort and master its explanation for your next coding
challenge.
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What is Counting Sort?

Counting sort is a highly efficient, non-comparison-based sorting algorithm designed for sorting a
collection of objects based on keys that are small integers. Unlike algorithms like bubble sort,
insertion sort, or merge sort, which rely on comparing elements to determine their order, counting
sort leverages the fact that the range of possible input values is limited. It works by counting the
occurrences of each distinct element in the input array and then using these counts to determine the
positions of each element in the sorted output array. This unique approach allows it to achieve a
linear time complexity, making it incredibly fast for specific types of data.

The core idea behind counting sort is to avoid direct comparisons between elements. Instead, it treats
the input values as indices into an auxiliary array. This auxiliary array, often called the "count" or
"frequency" array, stores how many times each unique value appears in the input. Once we have this
frequency distribution, we can reconstruct the sorted array without ever needing to swap or compare
individual data items directly. This fundamental difference is what sets it apart from many other
sorting algorithms and is a key point to emphasize when explaining it in an interview.



How Does Counting Sort Work?

The magic of counting sort lies in its three primary stages: counting, accumulating, and placing. First,
it iterates through the input array to count the frequency of each element. Imagine you have an array
of numbers, and you want to know how many times each number appears. You'd create a separate
structure to tally these up. This is precisely what the counting phase does. The range of these counts
is determined by the minimum and maximum values present in your input data.

Next, it transforms these raw counts into cumulative counts. This means each element in the count
array will store the number of elements less than or equal to its index. This cumulative sum is crucial
because it directly tells us the final position of each element in the sorted output. For instance, if the
cumulative count at index k™ is "n’, it means that the "n"-th element (in sorted order) will be “k".
This transformation is the bridge that connects the frequency information to the final sorted positions.

Finally, the algorithm uses these cumulative counts to place elements into their correct sorted
positions in an output array. It typically iterates through the input array in reverse. For each element,
it consults its cumulative count to find its correct index in the output array, places it there, and then
decrements the count for that element. Processing in reverse order ensures that the sort remains
stable, meaning elements with the same value maintain their original relative order. This stability is
an important characteristic often discussed in algorithm interviews.

Stage 1: Counting Frequencies

In this initial step, we create an auxiliary array, let's call it “count’, whose size is determined by the
range of input values. If your input numbers are between 0 and 9, this “count™ array will have 10
elements, indexed from 0 to 9. We then iterate through the input array. For each element we
encounter, we increment the corresponding index in the “count™ array. For example, if the input is
'[1,4,1,2,7,5,2] and the maximum value is 7, our "count™ array (of size 8, for indices 0-7) would
be updated. If we see a '1', we increment “count[1] . If we see a '4', we increment “count[4]", and so
on. After processing the entire input array, “count[i]” will hold the total number of times the value "i’
appeared in the input.

Stage 2: Accumulating Counts

The second stage involves transforming the frequency counts into cumulative counts. We iterate
through the “count’ array starting from the second element (index 1). For each element "count[i]’,
we add the value of the previous element “count[i-1]" to it. So, “count[i] = count[i] + count[i-1] .
After this process, “count[i]" will represent the total number of elements in the input array that are
less than or equal to "i'. This cumulative sum is vital because it directly tells us the correct ending
position for all occurrences of the value i’ in the sorted output array. It essentially maps each
element's value to its final sorted index.

Stage 3: Placing Elements into Output Array

This is where the sorted array is constructed. We create a new output array of the same size as the



input array. We then iterate through the input array, usually from right to left (for stability). For each
element “x* from the input array, we look up its corresponding cumulative count in the “count’ array,
which is “count[x] . The value “count[x]" tells us the final position for this element "x" in the sorted
output array. We place "x at index “count[x] - 1" in the output array (subtracting 1 because array
indices are 0-based). After placing the element, we decrement “count[x]" by 1. This ensures that if
there are duplicate values of "x’, the next occurrence of "x" encountered will be placed at the
preceding available slot, maintaining stability.

Counting Sort Example

Let's walk through a concrete example to solidify our understanding of counting sort. Suppose we
have an input array: '[4, 2, 2, 8, 3, 3, 1]". Our goal is to sort this array using counting sort.

First, we need to determine the range of our input values. The minimum value is 1, and the maximum
value is 8. Therefore, our “count™ array will need to be of size 9 (to accommodate indices 0 through
8).

Step 1: Counting Frequencies
Initialize “count™ array of size 9 with all zeros: [0, 0,0, 0,0, 0,0, 0, 0]".
Iterate through the input array '[4, 2, 2, 8, 3, 3, 1] ":

Encounter '4'": Increment “count[4] . "count’ becomes [0, 0, 0,0, 1, 0,0, 0, 0]".

Encounter '2": Increment “count[2] . "count becomes '[0,0,1,0,1,0,0,0,0].

Encounter '2': Increment “count[2] . “count’ becomes [0, 0, 2,0,1, 0,0, 0, 0]".

Encounter '8'": Increment “count[8] . "count® becomes [0, 0, 2,0,1,0,0, 0, 1]".

Encounter '3": Increment “count[3] . "count’ becomes '[0,0,2,1,1,0,0,0,1].

Encounter '3": Increment “count[3] . “count’ becomes [0, 0, 2,2,1,0,0,0, 1]".

Encounter '1'": Increment “count[1] . "count’ becomes [0, 1,2,2,1,0,0,0, 1]".

After counting, our “count” arrayis: '[0,1,2,2,1,0,0,0,1].

Step 2: Accumulating Counts

Now, we update the “count’ array to store cumulative counts:
e “count[1] = count[1] + count[0]' =>"14+0=1". count is [0,1,2,2,1,0,0,0,17.
e “count[2] = count[2] + count[1] => "2+ 1=3". count is '[0,1,3,2,1,0,0,0,1].

e “count[3] = count[3] + count[2] => 2+3=5". count is ’[0,1,3,5,1,0,0,0,1].
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e "count[4] = count[4] + count[3] =>1+5=6". count is '[0,1,3,5,6,0,0,0,1].

'[0,1,3,56,6,0,0,11.

rh

e “count[5] = count[5] + count[4]' => 0+ 6 =6". count’

'[0,1,3,5,6,6,6,0,1].

&

e “count[6] = count[6] + count[5] => 0+ 6 =6". count’

'[0,1,3,56,6,6,6,1].

ek

e “count[7] = count[7] + count[6]' => 0+ 6 =6". count’

e “count[8] = count[8] + count[7]' =>"1+6=7". count is '[0,1,3,5,6,6,6,6,7].

The cumulative "count’ array is: '[0,1,3,5,6,6,6,6,7].

Step 3: Placing Elements into Output Array

Initialize an output array "output™ of size 7 (same as input) with dummy values or zeros: [ , , , , ,

1

Iterate through the input array "[4, 2, 2, 8, 3, 3, 1] from right to left:

Elementis '1": “count[1] is 1. Place '1' at “output[1-1]" which is “output[0] . “output is [1,
, .+, _, ] .Decrement "count[1] to 0. count is '[0,0,3,5,6,6,6,6,7].

Element is '3": “count[3] is 5. Place '3' at “output[5-1]" which is “output[4] . "output’ is '[1, ,
_, 3, _, _1.Decrement "count[3] to 4. count is '[0,0,3,4,6,6,6,6,7].

Element is '3": “count[3] is 4. Place '3' at “output[4-1]" which is “output[3] . “output is "[1,
, 3,3, _, 1. Decrement "count[3] to 3. ‘count’ is '[0,0,3,3,6,6,6,6, 7] .

Element is '8": “count[8] is 7. Place '8" at “output[7-1]" which is “output[6] . "output is '[1, ,
3,3, _,8]. Decrement “count[8] to 6. count is '[0,0,3,3,6,6,6,6,6].

e Elementis '2': "count[2] is 3. Place '2' at “output[3-1]" which is “output[2] . "output” is [1,
2, 3,3, ,8].Decrement "count[2] to 2. count’ is '[0,0,2,3,6,6,6,6,6].

* Elementis '2": “count[2] is 2. Place '2' at “output[2-1]" which is “output[1]". “output” is '[1, 2,
2, 3,3, _,8]. Decrement "count[2] to 1. "count’ is '[0,0,1,3,6,6,6,6,6].

e Element is '4": "count[4] is 6. Place '4' at “output[6-1]" which is “output[5] . “output” is '[1, 2,
2,3, 3,4,8]. Decrement "count[4] to 5. count is '[0,0,1,3,5,6,6,6,6].

The final sorted output array is '[1, 2, 2, 3, 3, 4, 8] .

Time and Space Complexity of Counting Sort

One of the most attractive features of counting sort, especially in interview settings, is its remarkable
time complexity. When implemented correctly, counting sort can achieve a time complexity of O(n +
k), where 'n' is the number of elements in the input array and 'k' is the range of the input values (i.e.,



the difference between the maximum and minimum possible values, plus one). This linear time
complexity is a significant advantage over comparison-based sorts which are typically O(n log n).

The 'n' part of the complexity comes from iterating through the input array multiple times (once to
count frequencies, and once to place elements). The 'k' part comes from initializing and iterating
through the auxiliary “count’ array. This means that if the range 'k’ is very large, counting sort might
not be the most efficient choice. However, when 'k' is proportional to 'n' or smaller, counting sort truly
shines.

In terms of space complexity, counting sort requires auxiliary space for the “count™ array and the
“output” array. The "count™ array has a size of 'k' (the range of input values), and the "output™ array
has a size of 'n' (the number of elements in the input). Therefore, the space complexity of counting
sort is O(n + k). Similar to time complexity, if 'k' is significantly larger than 'n', the space
requirements can become substantial.

It's crucial to understand these complexities thoroughly for interview questions. You should be able to
explain why it's O(n + k) and discuss the trade-offs involved. For instance, if you're sorting millions of
integers with a range of 1 to 10, counting sort is phenomenal. But if you're sorting millions of integers
where the range is also in the millions, other algorithms might be more appropriate due to memory
constraints.

When to Use Counting Sort

Counting sort is not a one-size-fits-all solution, and knowing when to employ it is key to demonstrating
your algorithmic understanding. The primary condition for using counting sort effectively is when the
range of input values, denoted by 'k', is not excessively large compared to the number of elements
'n'. In essence, you're looking for scenarios where 'k' is of the same order of magnitude as 'n', or even
smaller. This is where the linear time complexity of O(n + k) really pays off, outperforming O(n log n)
algorithms.

Consider sorting the ages of people in a city. The range of ages is typically small (e.g., 0 to 120), even
if the population ('n') is in the millions. In such a case, counting sort would be incredibly efficient for
sorting the ages. Similarly, if you are sorting based on character frequencies in text, where the
alphabet size is fixed and small (e.g., 26 for lowercase English letters), counting sort is an excellent
choice.

Another significant advantage is its stability. A stable sort preserves the relative order of elements
with equal values. This is often a requirement in more complex algorithms or when sorting composite
data structures where you might sort by one key and then another. Counting sort, when implemented
with the reverse iteration in the placement stage, naturally provides this stability, which can be a
valuable selling point in an interview.

Sorting with a Small Integer Range

This is the golden rule for using counting sort. If your data consists of integers within a known and



limited range, counting sort is often the most performant option. For example, if you're sorting
employee IDs that are guaranteed to be between 1000 and 5000, the range 'k' is only 4001. This is
very manageable for counting sort, even if you have tens of thousands of employees.

This constraint on the range is what allows counting sort to bypass the typical O(n log n) lower bound
for comparison sorts. By directly using the values as indices, it avoids the need for pairwise
comparisons, which is the bottleneck for other sorting algorithms.

When Stability is Required

Stability in sorting algorithms means that elements with identical keys maintain their original relative
order in the sorted output. Counting sort, when implemented correctly by iterating through the input
array in reverse order during the placement phase, is inherently stable. This makes it suitable for
scenarios where stability is a critical requirement.

For instance, imagine you have a list of students, each with a name and a score. If you first sort the
students by their scores using counting sort, and then you need to sort them by name (while
preserving the score-based order for students with the same name), the stability of counting sort
ensures that the previous score-based ordering is not disrupted. This is a powerful concept to
highlight during an interview, showing a deeper understanding of sorting algorithm properties.

Limitations of Counting Sort

While counting sort offers impressive performance characteristics, it's far from universally applicable.
Its strengths are tied to specific conditions, and deviating from these conditions can lead to significant
drawbacks. The most prominent limitation of counting sort is its sensitivity to the range of input
values. If the difference between the maximum and minimum possible values ('k') is very large, the
algorithm's efficiency plummets, and its space requirements can become prohibitive.

For instance, if you're asked to sort an array of 64-bit integers, the range of possible values is
astronomically large. Creating a “count™ array of that size is simply not feasible in terms of memory.
In such cases, counting sort is an impractical choice, and you would need to resort to algorithms like
merge sort, quicksort, or heapsort, which handle arbitrary ranges of values more gracefully.

Furthermore, counting sort is designed specifically for sorting integers or elements that can be
mapped to integers within a defined range. It cannot directly sort complex data types like strings or
custom objects without an appropriate mapping function that converts them into integers within a
manageable range. If the mapping itself is computationally expensive or introduces a large range of
values, the benefits of counting sort might be negated.

Handling Large Ranges of Input Values

This is arguably the biggest drawback of counting sort. If the input numbers can be very large, or if
the difference between the maximum and minimum number is vast, then the “count™ array will



become enormous. Imagine sorting numbers that could be up to 1079. A “count™ array of that size
would require gigabytes, if not terabytes, of memory, making the algorithm infeasible. In such
situations, you'd need to opt for comparison-based sorting algorithms like quicksort or merge sort,
which have a time complexity of O(n log n) but much more manageable space requirements for large
value ranges.

Applicability to Non-Integer Data Types

Counting sort, in its pure form, is designed for integer keys. While it can be adapted for other data
types, it requires a way to map those data types to a limited range of integers. For example, to sort
strings, you might need to define an ordering based on the first character, or perhaps a more complex
lexicographical order. If this mapping results in a large number of distinct values or a wide range of
integer representations, the efficiency benefits of counting sort can be lost.

For example, sorting strings by their first character would work well if the alphabet is small. However,
if you need to sort by the entire string lexicographically, and the strings are long and diverse, the
resulting integer mapping could become very large, rendering counting sort impractical. In such
cases, algorithms like radix sort (which can use counting sort as a subroutine for each digit) are often
more suitable for sorting strings efficiently.

Counting Sort vs. Other Sorting Algorithms

When preparing for interviews, it's essential to compare counting sort with its counterparts. This
demonstrates a comprehensive understanding of the sorting landscape. Let's look at how counting
sort stacks up against some common algorithms.

Compared to comparison-based sorts like Mergesort and Quicksort, counting sort offers a significant
advantage in time complexity when its conditions are met. Mergesort and Quicksort generally have a
time complexity of O(n log n). Counting sort, with its O(n + k) complexity, can be much faster when
'k" is not disproportionately large.

However, Mergesort and Quicksort are more versatile. They can sort any type of data that can be
compared and do not have the strict limitations on the range of input values that counting sort does.
Quicksort also often performs better in practice due to its lower constant factors and cache efficiency,
although its worst-case scenario is O(n"2).

When compared to Radix Sort, counting sort can be seen as a specialized form. Radix sort sorts
numbers digit by digit (or by chunks of bits), and often uses counting sort as its underlying stable
sorting mechanism for each digit. So, while counting sort sorts based on the entire value at once,
radix sort breaks down the problem. Radix sort can handle larger ranges of numbers than a single
application of counting sort by processing them iteratively, making it more suitable for sorting large
integers.

Finally, algorithms like Bubble Sort and Insertion Sort are typically O(n”"2) in their average and worst
cases. Counting sort is vastly superior to these in terms of performance for larger datasets, making



them unsuitable for most interview-level sorting problems unless demonstrating basic concepts.

Comparison with Mergesort and Quicksort

Mergesort and Quicksort are the workhorses of general-purpose sorting. Their time complexity is
typically O(n log n), which is asymptotically better than O(n"2) algorithms but worse than counting
sort's O(n + k) when k is small. The key advantage of Mergesort and Quicksort is their universality -
they can sort any comparable data and do not have constraints on the range of values. Quicksort, in
particular, is often favored for its in-place sorting capability (though not always) and generally good
average-case performance. Counting sort, on the other hand, needs extra space and is limited by the
range of its input values.

Role in Radix Sort

Counting sort plays a vital role as a subroutine within Radix Sort. Radix Sort itself is a non-
comparative sorting algorithm that sorts elements by processing them digit by digit (or by groups of
bits) from least significant to most significant (LSD radix sort) or vice versa (MSD radix sort). For each
digit position, Radix Sort uses a stable sorting algorithm to sort the numbers. Counting Sort is an ideal
choice for this stable sorting step because it's efficient for sorting integers within a small range (the
range of a single digit, e.g., 0-9).

By using Counting Sort iteratively for each digit, Radix Sort can effectively sort integers with
potentially very large values, overcoming the range limitation of a single application of Counting Sort.
This makes Radix Sort a powerful algorithm for sorting large numbers or strings.

Counting Sort in Real-World Scenarios

While you might not see counting sort directly implemented by end-users, it's a fundamental
algorithm that underpins many applications in computer science and data processing. Its efficiency
for specific data distributions makes it a valuable tool for developers when dealing with large datasets
where performance is critical.

One common area is in data analysis and statistics. When you need to count the frequency of
occurrences of specific values within a dataset, like survey responses or sensor readings, counting
sort's initial counting phase is precisely what you need. If you then need to present this data in a
sorted order, applying the rest of the counting sort steps can be very efficient.

In computer graphics, especially when dealing with color palettes or pixel data, the range of values
(e.g., 0-255 for an 8-bit color channel) is typically small. Counting sort can be used to sort pixel data
based on their color values, which might be useful for image processing tasks like histogram
equalization or color quantization.

It's also a building block for more complex algorithms. As mentioned, radix sort relies on counting
sort. Radix sort, in turn, is used in various practical applications, such as sorting large amounts of



numerical data in databases or file systems. So, indirectly, counting sort contributes to the
performance of many large-scale data management systems.

Data Analysis and Frequency Counting

In data analysis, a frequent task is to determine the distribution of values within a dataset. For
instance, analyzing customer ages, product ratings, or the frequency of specific words in a document.
Counting sort's core mechanism of counting element occurrences directly addresses this. If the range
of these values is manageable, a complete counting sort can efficiently order the data, making
subsequent analysis simpler and faster. This can be crucial for generating summary statistics or
identifying common patterns in large datasets.

Image Processing and Color Manipulation

In image processing, colors are often represented by integer values, typically within a limited range
(e.g., 0-255 for each RGB channel). Counting sort can be used to efficiently sort pixels based on their
color values. This is useful for tasks such as:

¢ Color Quantization: Reducing the number of colors in an image.
* Histogram Generation: Creating a frequency distribution of pixel intensities.

¢ Palette Sorting: Ordering colors in a palette for efficient lookup or display.

The limited and predictable range of color values makes counting sort an excellent choice for these
operations.

Interview Preparation Tips for Counting Sort

When an interviewer asks about counting sort, they're not just looking for a definition; they want to
see your understanding of its mechanics, its strengths, its weaknesses, and its practical implications.
Here’s how to prepare effectively:

First, be able to explain the algorithm step-by-step. Clearly articulate the three main phases: counting
frequencies, accumulating counts, and placing elements. Use a simple, concrete example (like the
one we walked through) to illustrate each step. Visualizing the “count’ array and the “output™ array
changing is very helpful.

Second, master its time and space complexity. Understand why it's O(n + k) and what 'n' and 'k’
represent. Be ready to discuss scenarios where this complexity is advantageous and where it
becomes a disadvantage. This includes explaining the trade-offs when 'k' is large.

Third, be prepared to discuss its limitations. What kind of data is it not suitable for? Why? This shows
you understand that no algorithm is perfect and you can critically evaluate their applicability.



Fourth, be able to compare it to other sorting algorithms like Mergesort, Quicksort, and Radix Sort.
Highlight their differences in terms of time complexity, space complexity, stability, and the types of
data they can handle. Understanding these comparisons is vital for choosing the right algorithm for a
given problem.

Finally, practice coding counting sort. While an interviewer might not always ask you to implement it
from scratch, being able to do so will solidify your understanding and allow you to identify edge cases
and optimizations. Focus on clean, readable code.

lllustrating with Examples

The best way to convey your understanding of counting sort is through examples. Be prepared to
walk through a small, unsorted array and show how counting sort would sort it, step-by-step. It's also
beneficial to have an example ready that highlights its stability, perhaps by having duplicate values in
your test case. Explaining the “count’ array's transformation and how it dictates the final positions is
crucial. Verbalizing the process clearly, as if you were explaining it to someone new to the concept,
will make your explanation much more impactful.

Discussing Complexity Trade-offs

Interviewers want to gauge your ability to analyze algorithms. For counting sort, this means
discussing both its time complexity O(n + k) and space complexity O(n + k). Be ready to explain:

e Why it's linear time.
e The implications of a large 'k’ value on both time and memory.
e Scenarios where counting sort is superior to O(n log n) algorithms.

e Scenarios where other algorithms (like quicksort or merge sort) are more appropriate due to
memory or range limitations.

This demonstrates a nuanced understanding of algorithmic efficiency and practical application.

Comparing with Other Sorting Algorithms

Being able to draw parallels and distinctions between counting sort and other common sorting
algorithms is a strong indicator of algorithmic knowledge. You should be able to articulate:

e The fundamental difference between comparison-based sorts (like merge sort, quicksort) and
non-comparison-based sorts (like counting sort, radix sort).

e The stability characteristics of each.

e Their respective time and space complexities.



e The specific use cases where each algorithm excels.

For example, contrasting counting sort's fixed-range dependency with quicksort's adaptability is a
valuable discussion point.

Common Pitfalls and Edge Cases

During an interview, demonstrating awareness of common pitfalls shows a deeper level of
understanding. For counting sort, this includes:

e Handling negative numbers: Standard counting sort assumes non-negative integers. Discuss
how to adapt it for negative numbers (e.g., by shifting the range).

e Zero as a minimum value: Ensure your "count’ array size and indexing correctly handle a
minimum value of 0.

o Off-by-one errors: Be mindful of 0-based indexing when calculating output positions.

e Large 'k' values: Reiterate the memory and time implications.

Addressing these shows you've thought critically about the algorithm's implementation details.

Frequently Asked Questions

Q: What is the primary advantage of using Counting Sort over
comparison-based sorts?

A: The primary advantage of Counting Sort is its linear time complexity of O(n + k), where 'n' is the
number of elements and 'k' is the range of input values. This is significantly faster than comparison-
based sorts like Merge Sort or Quick Sort, which have a time complexity of O(n log n), especially when
'k" is not excessively large compared to 'n'.

Q: What are the main limitations of the Counting Sort
algorithm?

A: The main limitations are its dependence on the range of input values ('k'). If 'k' is very large, the
algorithm becomes inefficient in terms of time and space (requiring a large auxiliary 'count' array). It's
also primarily designed for integers or data that can be mapped to a small range of integers, making
it unsuitable for sorting arbitrary objects or large numbers without adaptation.

Q: Is Counting Sort a stable sorting algorithm? How is stability



achieved?

A: Yes, Counting Sort is a stable sorting algorithm when implemented correctly. Stability is achieved
by iterating through the input array in reverse order during the final placement stage. This ensures
that elements with the same value maintain their original relative order in the sorted output array.

Q: Can Counting Sort be used to sort negative numbers? If so,
how?

A: Standard Counting Sort is designed for non-negative integers. To sort negative numbers, you would
typically need to adapt the algorithm. This usually involves finding the minimum value in the input
array and then shifting all values by subtracting this minimum. This effectively maps the original
range to a non-negative range, allowing Counting Sort to be applied. For example, if your range is -5
to 5, you'd shift it to 0 to 10 by subtracting -5.

Q: What is the role of the ‘count’ array in Counting Sort?

A: The 'count' array serves two main purposes. Initially, it acts as a frequency map, storing the
number of occurrences of each distinct element in the input array. After accumulating counts, it
stores the cumulative frequency, indicating the position of the last occurrence of each element in the
sorted output array.

Q: In what real-world scenarios is Counting Sort most
effectively used?

A: Counting Sort is most effective in scenarios where the range of input values ('k') is relatively small
compared to the number of elements ('n'). Common examples include sorting ages of people, sorting
pixel values in image processing (where color channels are typically 0-255), or as a subroutine in
Radix Sort for sorting large integers or strings.

Q: How does the space complexity of Counting Sort (O(n + k))
compare to its time complexity (O(n + k))?

A: Both the time and space complexity of Counting Sort are O(n + k). This means that as the number
of elements ('n') or the range of values ('k') increases, both the time taken to sort and the amount of
extra memory required grow linearly. This linear growth is what makes it very efficient when 'k' is
small, but can also lead to high memory usage if 'k' is large.
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